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A Method of Pattern Recognition Based on Associative Matrix

ZHOU Jing-zhou
( Faculty of Information Engineering , Shenzhen University , Shenzhen , Guangdong 518060, China )

Abstract:

To reduce memory size and to solve the saturation problem arising from using the associative matrix in the pattern

recognition process, on the basis of analyzing the conventional system, we introduce some developments based on logical operations . The

aim of these operations is to enhance the linear independence hetween the input patterns. By presenting examples, we can illustrate that

these methods are more efficient and pragmatic.
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